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Abstract—This study addresses the problem of identifying the authorship of historical manuscripts, a challenging task that offers interesting applications for document examiners and paleographers. We exploit handwriting texture as the discriminative attribute characterizing the
writer of a given document. The textural information in handwriting is captured using a combination of oriented Basic Image Features (0BIFs) at different scales. Classification is carried out using a number of distance metrics which are combined to arrive at a final decision. A
comprehensive series of experiments is carried out using different configurations of the oBIFs and the realized classification rates are compared with the state-of-the-art techniques on this problem.
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the parameter (oe{1,2,4,8,16}) while the parameter ¢ is selected from a set of Fig 2: Different steps of the oBIF Column scheme (A) Original image (B) oBIFs computation for scale
three small values of e€{0.1, 0.01,0.001}. Fig 1: An overview of the matching scheme parameter 0=4 and 6=8 while £ =0.1 (C) The oBIFs at two scales are crossed to form columns at each
location (D) Histogram is computed with non-flat columns.
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