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new metric which is text agnostic and accounts only for row. The only extra predicted relation is
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(10U) misalignment of cells beyond multi-hop mis-alignments by considering all cells. * In this example, OCR was unable to recognize the + symbol (it
immediate neighbours EditDistIOU(T,,T,) got recognized as +) and unable to detect “NA”.
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TEDS (Text) Text dependent but less strict due to TEDS (I0U) =1 max(T.LIT.D Adjacency Relation (Text? got a poor score of 13.7 F1 due to the
Levenshtein distance al exact text match constraint.
» We propose TEDS (IOU) which replaces the edit distance * Adjacency Relation (IOU), being text independent, is more robust
* Adjacency Relation (Text) computes pair-wise relations between cells' text with the IOU distance between their and achieves a F1 of 59.8.
between non-empty adjacent cells and their text. bounding boxes. * TEDS (text) matches text through edit distances and scores 71.6.
 Adjacency Relation (I0U) is a text-independent metric * This removes dependency on text, while also preserving * TEDS (I0U) computing I0U; between cells, assigns a higher
where original non-empty cells are mapped to predicted the benefits of TEDS (text) metric. score of 80.6 which seems the most representative.
cells by leveraging 10U thresholds. * Costof editis1 — 10U (ng. bbox, n;. bbox) if both ng & * A possible extension is to introduce different thresholds for the
t, are cells with same span. IOU as in Adjacency Relation (I0U), instead of using absolute no.
‘ <table> * |OU distance (I0U; = 1 — I0U) being a Jaccard index, is
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