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Fig. 1: Grammatical word error rate (GWER), lexical Fig. 2: ComScores and ReadScores of the whole corpus.

word error rate (LWER), WER, CER, and the DiffScore
of the whole corpus whose documents are ordered on
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ComScores is the readability scores of the original
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coefficients between the other metrics and the DiffScore scores are grouped according to all WER levels. M\ ' ¥y '

are 0.902, 0.910, 0.941, and 0.931, respectively. gy i

e The correlation between the DiffScore and the error rate of the lexical words is a bit higher z - = e = P I o R = 2 2=

Files Files
Fig. 3: Different scores in assessing readability reduction of the test data: traditional readability

scores (FKGLRed as FKGL reduction, DCRFRed as DCRF reduction); error rates (WER, CER);
reading difficulty or reduction as DiffScore; predictions of HAN and BERT models denoted as HAN
prediction and BERT prediction, respectively.

than the one for grammatical words, with 0.910 and 0.902, respectively.
e The rate of real-word errors correlates less with the DiffScore than that of non-word errors,

with correlation values of 0.871 and 0.926, respectively.
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e We provide a novel dataset, analyze the impact of OCR errors on readability, test two
traditional measures and two SOTA baselines on our ReadOCR corpus.

¢ Whereas WER highly correlates with the reading difficulty, the best BERT model has a
smaller MSE and its prediction is much closer to the DiffScore than WER.

e The impact of the corrupted lexical words has been found to be not much higher than that of

corrupted grammatical words.
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